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Cartography: What My Parents Think | Study




Cartography: What | Actually Study

Influences and Effects of COVID-19 Response

COVID-15 Policies Focus Countries Happiness and Tutorial and
Government Response Data Sources
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Spatial-Temporal-Thematic

Developments

Dunkel et al. (2019)
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* No data available for November 2020

The Dataset

~4 MILLION POSTS

GEOTAGGED WITHIN EUROPE

DURING 2020*

AT LEAST ONE EMOJI AND ONE
HASHTAG

Image source:
https://about.twitter.com/e
n/who-we-are/brand-
toolkit
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Objective

Goal:

Determine whether emojis can be used to identify relevant topics and their
spatial-temporal evolution in a non-topic-specific dataset
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Objective

Goal:

Determine whether emojis can be used to identify relevant topics and their
spatial-temporal evolution in a non-topic-specific dataset

Basically...

Without first filtering the dataset by subject (like most other studies), what can
trends in emoji usage tell us about the topics people discuss on Twittere
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Exploratory Analysis
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Initial Resulis
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Initial Resulis
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Uh.... Okay?
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Typicality

Hauthal et al. (2021)

Purpose
ldentify the most characteristic emaoijis within a designated subset of a larger dataset

Other statistical measures, like absolute or relative frequency, only reveal most commonly used characters

Typicality normalizes emoji usage over the dataset, allowing for the calculation of relative differences

Calculation
o ns/Ns — nt/Nt Rel. freqg. within the subset —rel. freq. within the total dataset
Typicality = =
nt/Nt rel. freq. within the total dataset

Interpretation
Positive typicality: an occurrence is typical for the subset compared to the total dataset
Negative typicality: an occurrence is atypical for a subset compared to the total dataset

The greater the absolute value, the more typical or atypical the occurrence

Ml © @

ITC



Typicality

Hauthal et al. (2021)

Purpose
ldentify the most characteristic emaoijis within a designated subset of a larger dataset

Other statisticalmaasiirac lika ahcaliita arralativa fraciiancv _anliravaal mact canmmanhicad chargacters
Typicality | Basically... L ences

For a given (spatial or temporal) subset of the data,
how ‘characteristic’ or ‘typical’ of that subset is a

: . . taset
Typicc given emoji¢

Still confused? Let's take a look:
Positive TypiCality: an oCccurrence Is typical for the sulbset compared 10 the Total dataset

Negative typicality: an occurrence is atypical for a subset compared to the total dataset
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The greater the absolute value, the more typical or atypical the occurrence



Temporal Typicality
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Number of Raised Fist Tweets per Month
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Spatial Typicality
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Typicality of Beer Mug Emoji
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Typicality of Wine Glass Emoji
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Spatial-Temporal Typicality
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Typicality of Face With Medical Mask Emoji (January)
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S0, WHAT
HAVE YOou TONE
THIS WEEK?

P | Fiied
ANYTHING? MO,

D | ACCOMPLISH

ANYTHING? HO.

| SAT AT MY DESK
AND WORKED ALL
WEEE BUT NOTHING

N SHOET, | DID
RESEARCH.

£ JORGE CHAM B 2014

WiwW.PHDCOMICS,.COM

Image source:
https://phdcomics.com/co
mics.php2f=1711
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Thank Youl!

Questions? Comments?
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