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•  „Diversity refers to differences between individuals on any attribute 
that may lead to the perception that another person is different from 
self“ (van Knippenberg, De Dreu, & Homan, 2004, S. 1011) 

 
•  Diversität nimmt zu, vor allem am Arbeitsplatz: 

•  Urbanisierung/Verstädterung 
•  Mehr internationale Mobilität, Migrationsbewegungen 
•  Mehr Frauen auf dem Arbeitsmarkt 
•  Größere Altersspanne bei Mitarbeiterinnen und Mitarbeitern (z.B. 12er Abitur 

und Bachelor vs. Rente mit 67) 
•  Neue Studiengänge und Ausbildungswege 

 

Was ist das Diversität (engl. Diversity)? 
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Von Unternehmen wird Diversität in der Regel positiv 
bewertet - Beispiel Werbevideo Deutsche Bank 

https://www.youtube.com/watch?v=s6xEd2dYhOo   
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1.  Der bi-theoretische Ansatz (CEM-Modell; van Knippenberg et al., 
2004) 
•  Diversität ist Chance und Risiko zugleich 
•  Unterschiede machen Konflikte wahrscheinlicher 
•  Unterschiede führen zu tieferer Auseinandersetzung mit der Aufgabe 

2.  Gruppenbruchlinien (Faultlines, Lau & Murnighan 1998) 
•  Homogene Subgruppen sind problematisch 

3.  Diversität und Stereotype (van Dijk et al., 2017) 
•  Diversität ist problematisch, wenn sich die Menschen bei der 

Auseinandersetzung miteinander von Stereotypen leiten lassen 

 

Ist Diversität gut oder schlecht? Die theoretischen 
Grundlagen der Diversitätsforschung  
(van Dijk, Meyer, van Engen & Lewin Loyd, 2017) 
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•  Menschen steigern ihren Selbstwert durch positive soziale Identität  
•  Soziale Identität = Mitgliedschaft in einer sozialen Gruppe, die man 

positiv aufgrund subjektiv wichtiger Kategorien bewertet 

•  Führt zu automatischer Abwertung der „anderen“ (die sog. Outgroup) 

Soziale Identität und Kategorisierung (Turner et al., 1987) 
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•  Wahrgenommene 
Ähnlichkeit 
(Einstellungen, 
Verhalten, ...) fördert 
Sympathie 

•  Positive Verstärkung für 
eigene Einstellungen 

•  Unähnlichkeit wertet 
eigene Einstellungen ab 

•  Soziale Identitätstheorie 
und Similarity/Attraction: 
Diversität führt zu mehr 
Konflikt 

 
 

Similarity / Attraction (Byrne, 1971) 
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•  Unterschiedliche Menschen 
haben unterschiedliches 
Wissen, Erfahrungen, ...  

•  Eine heterogene Gruppe hat 
eine breitere Informations- und 
Wissensbasis für kreative Ideen 
(van Knippenberg & Schippers, 
2007) 

•  Ein heterogener Kundenstamm 
wird am besten durch eine 
heterogene Belegschaft 
repräsentiert 

 
 
 

Die Chance der Diversität (für Organisationen) 

Women	 Matter
Gender diversity, a corporate performance driverWomen	 Matter

Gender diversity, a corporate performance driver
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BSP: McKinsey-Studie (2007): Firmen mit vielen Frauen im 
Top Management sind erfolgreicher als der Durchschnitt 

14 I WOMEN MATTER WOMEN MATTER I 15

Exhibit 8
Companies with three or more women in top management functions score more highly 
for each organisational criterion than companies with no women at the top

Work 
environment
and values

Vision

Coordination 
and control

Leadership
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72

61

57

55
External
orientation

Motivation

Innovation

Capability

Accountability
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70

64
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Exhibit 8
Companies with three or more women in top management functions score more highly for each organisational
criterion than companies with no women at the top

To what extent is your company effective
in each of the 9 organisational dimensions?

3ercentaJe of ePplo\ees ZitK positiYe eYalXation

* Analysis conducted on a sample of 101 European companies, or 58,240 persons surveyed
Note : Given the sample size, a 1% difference is statistically significant  

Source: McKinsey

Companies with no women (n=45)

Companies with 3 or more women (n=13)

+7 pts

+6 pts

+5 pts

+4 pts

+3 pts

+3 pts

+1 pt

+1 pt

+1 pt

outperform their sector in terms of return 
on equity (11.4% vs an average 10.3%), 
operating result (EBIT 11.1% vs 5.8%), 
and stock price growth (64% vs 47% over 
the period 2005-2007) (Exhibit 9).

What conclusions should we draw? These 
statistically significant studies show that 

companies with a higher proportion of 
women on their management committees 
are also the companies that have the 
best performance. While these studies do 
not demonstrate a causal link, they do, 
however, give us a factual snapshot that 
can only argue in favour of greater gender 
diversity.

Exhibit 9
Companies with a higher proportion of women in their top management have better financial 
performance

Economic performance of the companies with most gender-diverse 
management teams compared with their industry average

Companies with most gender-
diverse management teams*
Industry average

Exhibit 9
Companies with a higher proportion of women in their top management have better financial performance

* 89 companies, identified with the scoring system developed by Amazone Euro Fund
** 87 companies, data not available for two companies

*** 73  companies, financial sector not included
**** Of the 89 most gender-diverse companies, 44 have a market capitalization greater than 2 billion euros

Source: Amazone Eurofund database; Amadeus; Research Insight; Datastream; Bloomberg; McKinsey

Average ROE**
2003-2005

11.4%
10.3%

+ 10%

Average EBIT***
2003-2005

11.1%

5.8%

+ 48% 64%

47%****

Stock price growth**** 2005-2007
compared with Eurostoxx 600 
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Der bi-theoretische Ansatz: Jede Form von Diversität kann, je 
nach Kontext, positive oder negative Auswirkungen haben 

Einstellung	zur	
Diversität	

Kategorisierungs-
prozesse,	

wahrgenommene	
Diversität	

Nega:ve	Folgen	
d.	Kategorisierung	
(z.B.	Konflikt)	

Diversität	 Austausch,	DebaFe	
Diskussion	

Leistung	Aufgabe,	
Mo:va:on	

van Knippenberg, D., De Dreu, C. K. W., 
& Homan, A. C. (2004). Work group 
diversity and group performance: An 
integrative model and research agenda. 
Journal of Applied Psychology, 89, 
1008–1022. doi: 
10.1037/0021-9010.89.6.1008
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Beispiele zu Einstellungen zu Diversität van Dick et al., 2008, Kauff et al., 2013 

(b = –0.29, p < .001). Figure 2 suggests that, as in Study 1, identification in
the context of subjective diversity was higher for individuals with more pro-
diversity beliefs, albeit that in Study 2 as opposed to Study 1 the relation-
ship between subjective diversity and identification tended to be negative.

To test the individual-level Hypothesis 2, we conducted hierarchical
regression analyses. In Step 1 we entered objective diversity, subjective
diversity, and diversity beliefs as control variables, in Step 2 we entered 
group identification. The results are shown in Table 5 and support our
hypotheses for the two outcome variables. Group identification was a signifi-
cant predictor of elaboration (β = .41, p < .001) and desire to stay (β = .46,
p < .001), when objective diversity, subjective diversity, and diversity beliefs
are controlled for.

van Dick et al. Group diversity and group identification 1 4 8 1

Figure 2 Group identification as a function of subjective diversity and diversity
beliefs (Study 2)
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 at Zentralbibliothek Zuerich on January 16, 2009 http://hum.sagepub.comDownloaded from 

van	Dick,	R.,	van	Knippenberg,	D.,	Hagele,	S.,	Guillaume,	Y.,	&	Brodbeck,	F.	
(2008).	Group	diversity	and	group	iden:fica:on:	The	modera:ng	role	of	
diversity	beliefs.	Human	Rela*ons,	61,	1463–1492.	doi:	
10.1177/0018726708095711	

Kauff,	M.,	Issmer,	C.	&	Nau,	J.	(2013).	Pro-Diversity	Beliefs	and	Everyday	Ethnic	
Discrimina:on	on	Grounds	of	Foreign	Names.	Journal	of	Community	&	Applied	
Social	Psychology,	23,	536-542	
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2. Gruppenbruchlinuien/Faultlines 

Farbe:  2 x rot, 2 x blau 
Form:  2 Dreiecke, 2 Vierecke  
Größe:  2 x klein, 2 x groß 

Farbe:  2 x rot, 2 x blau 
Form:  2 Dreiecke, 2 Vierecke 
Größe:  2 x klein, 2 x groß 

•  Gruppen sind bzgl. einzelner Attribute und „Gesamt-Diversität“ gleich divers 
•  Beide Gruppen unterscheiden sich in Ihrer Gruppenbruchlinuie (Engl. Faultline) 
•  Faultlines: Hypothetical dividing lines splitting a group into relatively 

homogeneous subgroups based on multiple attributes (Thatcher & Patel, 2011; 
2012) 

•  Faultlines wirken sich negativ aus (Thatcher & Patel, 2012) 

Thatcher,	S.	M.	B.,	&	Patel,	P.	(2012).	Group	faultlines:	A	review,	integra:on,	and	guide	to	future	research.	Journal	of	Management,	38,	969-1009.	doi:	
10.1177/0149206311426187	
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•  Ältere Algorithmen (z.B. Thatcher‘s Fau, 2003) bräuchten 20.000 
Jahre, um die Faultline-Stärke für eine Gruppe aus 20 Personen mit 
mehr als zwei Subgruppen zu bestimmen 

•  Lösung: ASW Algorithmus und zugehöriges R-Paket (Meyer & Glenz, 
2013)  

•  Selber ausprobieren: http://www.group-faultlines.org  

Die Messung von Faultlines ist rechnerisch aufwendig 

Meyer,	B.,	&	Glenz,	A.	(2013).	Team	faultline	measures:	A	computa:onal	comparison	and	a	new	approach	to	mul:ple	subgroups.	
Organiza*onal	Research	Methods,	16,	393-424.	doi:	10.1177/1094428113484970	
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Unterschiedliche Auswirkungen von Faultlines auf Mitglieder 
der selben Gruppe: Zugehörigkeit zur Subgruppe der 
Führungskraft 
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Meyer,	B.,	Shemla,	M.,	Li,	J.,	&	Wegge,	J.	(2015).	On	the	same	side	of	the	faultline:	Inclusion	in	the	leader's	subgroup	and	employee	
performance.	Journal	of	Management	Studies,	52,	354-380.	
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3. Diversität und Stereotype 

Definition: Stereotype sind sozial 
geteilte Meinungen über 
Persönlichkeitsmerkmale und 
Verhaltensweisen von Mitgliedern 
einer sozialen Kategorie. Durch die 
Bildung von Stereotypen lässt man 
Individualität außer Acht. 

Teen Talk Barbie (1992) 

„Math class is 
tough! [Mathe ist 

schwer!]“ 
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Übrigens: Mädchen und Jungen sind gleich gut in Mathe 

these differences. Greater male variance is indi-

cated by VR > 1.0. All VRs, by state and grade,

are >1.0 [range 1.11 to 1.21 (see top table on

p. 494)]. Thus, our analyses show greater male

variability, although the discrepancy in vari-

ances is not large. Analyses by ethnicity show a

similar pattern (table S2).

Does this greater variability translate into

gender differences at the upper tail of the distri-

bution (13)? Data from the state assessments

provide information on the percentage of boys

and girls scoring above a selective cut point.

Results vary by ethnic group. The bottom table

on p. 494 shows data for grade 11 for the state

of Minnesota. For whites, the ratios of boys:girls

scoring above the 95th percentile and 99th per-

centile are 1.45 and 2.06, respectively, and are

similar to predictions from theoretical models.

For Asian Americans, ratios are 1.09 and 0.91,

respectively. Even at the 99th percentile, the

gender ratio favoring males is small for whites

and is reversed for Asian Americans. If a partic-

ular specialty required mathematical skills at

the 99th percentile, and the gender ratio is 2.0,

we would expect 67% men in the occupation

and 33% women. Yet today, for example, Ph.D.

programs in engineering average only about

15% women (14).

Gender and item complexity. An additional

issue in assessing gender differences in math

performance and the underrepresentation of

women in STEM careers is the question of the

cognitive complexity or depth of knowledge

being tested. Earlier studies (6) indicated that,

although girls equaled or surpassed boys in

basic computation and understanding of math-

ematical concepts, boys exceeded girls in com-

plex problem-solving beginning in the high

school years, d = + 0.29. Complex problem-

solving is crucial for advanced work in STEM

careers. At the time of the 1990 meta-analysis,

girls were less likely to take advanced math and

science courses, and this gender difference in

course choice was a likely explanation for the

gender gap in complex problem-solving (8).

Today, with the gender gap erased in taking

advanced math courses, does the gender

gap remain in complex problem-solving? To

answer this question, we coded test items from

all states where tests were available, using a

four-level depth of knowledge framework (15).

Level 1 (recall) includes recall of facts and per-

forming simple algorithms. Level 2 (skill/con-

cept) items require students to make decisions

about how to approach a problem and typically

ask students to estimate or compare informa-

tion. Level 3 (strategic thinking) includes com-

plex cognitive demands that require students to

reason, plan, and use evidence. Level 4

(extended thinking) items require complex rea-

soning over an extended period of time and

require students to connect ideas within or

across content areas as they develop one among

alternate approaches. We computed the per-

centage of items at levels 3 or 4 for each state

for each grade, as an index of the extent to

which the test tapped complex problem-solving.

The results were disappointing. For most states

and most grade levels, none of the items were at

levels 3 or 4. Therefore, it was impossible to

determine whether there was a gender differ-

ence in performance at levels 3 and 4.

The dearth of level-3 or level-4 items in state

assessments has an additional serious conse-

quence. With the increased emphasis on testing

associated with NCLB, more teachers are gear-

ing their instruction to the test (16). If the tests

do not assess the sorts of reasoning that are cru-

cial to careers in STEM disciplines, then these

skills may be neglected in instruction, putting

American students at a disadvantage relative to

those in other countries where tests and curric-

ula emphasize more challenging content (17).

To address this limitation in the state assess-

ments, we returned to the NAEP data (18).

NAEP categorizes items as easy, medium, or

hard. We coded hard sample items for depth of

knowledge. No items were at level 4 but many

were at level 3. We computed the magnitude of

gender differences on the hard items that were

at level 3 depth of knowledge. At grade 12,

effect sizes for these items ranged between 0

and 0.15 (average d = 0.07). At grade 8, effect

sizes for these items ranged between 0 and 0.08

(average d = 0.05). Thus, even for difficult

items requiring substantial depth of knowl-

edge, gender differences were still quite small.

Conclusion. Our analysis shows that, for

grades 2 to 11, the general population no longer

shows a gender difference in math skills, con-

sistent with the gender similarities hypothesis

(19). There is evidence of slightly greater male

variability in scores, although the causes

remain unexplained. Gender differences in

math performance, even among high scorers,

are insufficient to explain lopsided gender pat-

terns in participation in some STEM fields. An

unexpected finding was that state assessments

designed to meet NCLB requirements fail to

test complex problem-solving of the kind

needed for success in STEM careers, a lacuna

that should be fixed.
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Eindrucksbildung durch Stereotype: Das Stereotype Content 
Model (SCM, Fiske et al., 2007) 

Warm 
(gute Absichten) 

Kalt 
(schlechte Absichten) 

Inkompetent 
(Kann Absichten nicht umsetzen) 

Kompetent 
(Kann Absichten umsetzen) 

Stereotype beschreiben zwei Dimensionen, 
die Mitgliedern einer sozialen Gruppe 
(Frauen, Türken, Rentner...) zugeschrieben 
werden: 
•  Wärme: Absichten von schlecht (kalt) bis 

gut (warm) 
•  Kompetenz: Fähigkeit, Absichten in Taten 

umzusetzen  
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Stereotype Content Model (SCM; Fiske, Cuddy & Glick, 2007) 

Rentner, 
Menschen mit 
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Evidenz für das SCM aus Deutschland (Asbrock et al, 2010)  

Materials

Measures of perceived warmth and competence were
adapted from Eckes (2002). Competence was measured by
the items competent, competitive, and independent, warmth
by the items likeable, warm, and good-natured.2 The items
were scaled from 1 (not at all) to 5 (completely) and were
presented in an order that alternated between competence
and warmth. To draw on cultural stereotypes, participants
were instructed not to present their personal evaluation of
the groups, but rather what they assume most people in
Germany think about them (see Cuddy et al., 2008).

Results

A missing value analysis revealed that for all variables no
more than 2.4% of the data were missing. The assumption
that data were missing completely at random seemed plau-
sible (Little’s MCAR test: χ²(694) = 40.13, p > .99). Miss-
ing values were thus replaced by expected maximization
estimates (Enders, 2001).

Principal factor analyses with Promax rotation were ob-
tained for the warmth and competence items for every
group. For all 29 groups clear 2-factor solutions emerged
with high loading of the warmth items on one factor and
high loadings of the competence items on the other (all

eigenvalues > 1; explained variance 61%–77%). Cron-
bach’s α was .61 to .86 for the warmth scales and .55 to .88
for the competence scales. The scale correlations ranged
from r = –.02 (p = .89) for career women to r = .62 (p <
.001) for the unemployed. For the 29 groups as the units of
analysis, Cronbach’s α was .88 for warmth and .98 for
competence. The two scales were uncorrelated (r = .07, p
= .73).

For the following analyses the warmth and competence
ratings were averaged across participants. The warmth and
competence means for every group were then plotted in a
warmth-by-competence matrix (Figure 1). Subsequently a
cluster analysis was conducted. First, data were converted
into squared eucledian distances. Then a hierarchical clus-
ter analysis (Ward method) was used to cluster objects into
homogeneous groups. A subsequent k-means cluster anal-
ysis determined the optimal allocation of groups in the
clusters. Following the suggestions of Bacher (2001), those
cluster solutions were taken into consideration that preced-
ed a sharp decline of the explained variance (η2) and the
proportional reduction of errors (PRE coefficient). Those
criteria led to 3- to 5-cluster solutions.3 A test of the stabil-
ities of the different solutions (Rand index; Rand, 1971)
indicated that the 5-cluster solution (Rand index = .812)
was more stable than the 3- and 4-cluster solutions (Rand
indices .797 and .738). Table 1 shows the means for the
five cluster centers.

The hypothesis that the clusters differ in warmth and

Figure 1. Warmth by competence
space mapping the clusters of social
groups.

78 F. Asbrock: Stereotypes of Social Groups in Germany
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! German translations: kompetent, konkurrenzfähig, eigenständig; sympathisch, warmherzig, gutmütig.
" Compared to the succeeding solution, the explained variance increased by 19% in the 3-cluster solution, by 11% in 4-cluster solution, by

6% in the 5 cluster solution and by less than 4% in the following solutions. The PRE decreases from .48 (2 clusters) to .36 (3 clusters), to
.33 (4 clusters), and to .26 (5 clusters). Succeeding solutions with six or seven clusters show no further decrease in PRE.
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•  Für jeden Beruf bzw. Stelle gibt es eine Reihe von Charakteristika 
bzw. Kompetenzen, die wichtig für Erfolg sind 

•  Je mehr die stereotyp zugeschriebenen Eigenschaften einer Person 
zu den der Stelle/Rolle zugeschriebenen Charakteristika passen, 
desto eher wird eine Person als kompetent bewertet 

Lack of Fit Model (Heilman, 1983; 2001; 2012) und Role 
Congruity Theory (Eagly & Karau, 2002) 
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In linewith the BIASmap (Cuddy et al., 2007), these
attributions are proposed to shape stereotype-
reinforcing behaviors of perceiving members (number
2) that push a target member into stereotype-
conforming behavior (Rudman et al., 2012; Snyder
et al., 1977; Wiggins, 1979) (number 3). Similarly,
self-categorization theory (Turner et al., 1987) in-
dicates that the level of warmth and competence
that a target member attributes to the self is affected
by the member’s self-categorization in combination
with the extent to which category-relevant social
(3 task) stereotypes are salient to the target team
member (number 4). In turn, these self-attributions
shape a target member’s behavior (number 5) and
subsequent performance in a stereotype-confirming
manner (number 6). Importantly, stereotype threat
research (e.g., Schmader et al., 2008) indicates that in
case perceivers’ competence attributions of a target
member are negative, they are likely to negatively af-
fect the target member’s performance regardless of

whether the targetmember sharesor agreeswith those
attributions. The MIDST model therefore indicates
that the stereotype threat effect of perceivers’ attri-
butions regarding a target member’s performance in
diverse teams are mediated by perceiving members’
behaviors toward the target member (number 7),
given that such behaviors are likely to strengthen
(e.g., through condescending, ignoring, rejecting
behaviors toward the target) or weaken (e.g., through
confirming, deferring, assisting behaviors toward the
target) the target member’s experience of threat of
a negative stereotype.

The processes in theMIDSTmodel up to this point
are those we identified in our review of stereotyping
in the forming phase. Accordingly, the individual
target’s performance should not be interpreted as
a final state, but as an ongoing process. Next are
microdynamics that we identified in our review of
the consequences of stereotyping in the functioning
phase. Based on research on impression formation

FIGURE 4
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(a) An Integrative, Temporal Model of the MIDST in the Forming Phase.

2017 539Dijk, Meyer, Engen, and Loyd

Wechselwirkung zwischen Diversität und Stereotypen 

van Dijk, H., van Engen, M., Meyer, B. & Lewin Loyd, D. (2017) 
Microdynamics in diverse teams: A review and integration of the 
diversity and stereotyping literatures. Academy of Management 
Annals, 11, 517-557. doi: 10.5465/annals.2014.0046 
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•  Wenn sich Menschen im Umgang mit „anderen“ von ihren 
Stereotypen – die meistens im konkreten Fall unzutreffend sind -  
leiten lassen, beeinträchtigt dies die Zusammenarbeit   

•  Ziel: Urteilsbildung über andere aufgrund ihrer persönlichen 
Eigenschaften und nicht aufgrund der stereotypen Eigenschaften 
ihrer Gruppe 

Wechselwirkung zwischen Diversität und Stereotypen 
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1. Anstrengung 
•  Die Beurteilung von anderen Menschen anhand von Stereotypen lässt sich 

nur durch bewusste geistige Anstrengung vermindern 
•  Stress, Zeitdruck, etc. verhindern diese geistige Anstrengung 
2. Motivation 
•  Menschen müssen dazu motiviert werden, außerhalb von Stereotypen zu 

denken 
•  Dazu können Führungskräfte einen wichtigen Beitrag leisten: 

•  Wertschätzung von Andersartigkeit 
•  Vorleben der Werte 
•  Karrierewege und Karriereerfolge von Minderheiten unterstützen 

Was braucht es für eine Beurteilung anderer, die frei von 
Stereotypen ist? 
 

Kearney, E., & Gebert, D. (2009). Managing diversity and enhancing team outcomes: The promise of transformational leadership. Journal of Applied Psychology, 94, 77–89. doi: 10.1037/a0013077 
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•  Diversität ist Chance und Risiko zugleich 
•  Chance: Unterschiedliche Perspektiven auf ein Problem führen zu 

mehr Leistung/Kreativität 
•  Risiko: Sichtbare Unterschiede aktivieren Stereotype über soziale 

Gruppen 
•  Stereotype lassen Individualität außer acht und können zu negativen 

Konsequenzen (Abwertung, Ausgrenzung, Konflikte) führen 
•  Um Diversität zu nutzen, müssen Stereotype überwunden werden: 

•  Anstrengung, Motivation (Werte/Klima) 

Zusammenfassung: Ist Diversität gut oder schlecht?  
Es kommt darauf an. 
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Herzlichen Dank für Ihre Aufmerksamkeit! 


