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actual surgical field.
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acts as the gold standard for surgeries.
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Thermal/RGB imaging reveal the functional : surgeons  to mgke fé}Sftef and' more
information such as eloquent sites of the <, accurate diagnostic decisions during the
exposed cortex. J resection of pathological tissue.

Fig. 1. A real time neurosurgical setup
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RESULTS CONCLUSION
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Fig. 3. Visual results of our proposed method overload requiring high
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Fig. 4. Quantitative results of our proposed method
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